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e high depth and image quality with cadence of a few days Data set name
e millions of transient alerts every night
e Thousands microlensing events detection

MicroLIlA: software to train machine learning classifiers for microlensing. CO“CI Uusions
It computes light curves’s properties about their symmetry, statistics and
more. Then, with this software you can train models like Random Forest,
eXtreme Gradient Boosting, Neural Network or Convolucional Neural
Network.
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Test different observation strategies for Rubin
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